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2. Roulette Wheel

Algorithm 1: MPSOLS!-Multi label Feature Selection based on
Particle Swarm Optimization and Local search strategy

Input: Feature ={f, f,,..., fo}, NC,, : maximum cycle number,

NP: number of particles.
Output: Final set of features ={f,, f,,..., f}.

Begin algorithm
Begin initialization
Determining number of feature (s) to k using Eq (1)
fori=1to NP do

Create random particle X .

Create random velocity V; .

end for

Compute CC;; and Cor; for all features using Egs (2), (3)
Cor, >Cor,;,  Similar feature

Cor, <Cor,,,  Dissimilar feature

end initialization
fori=1to NC_,, do

Compute updating the particle velocity using Eq (4)
Compute updating the position of particle using Eq (6)
X, = Similar features.

X4 = Dissimilar features.
Remove all feature in X, that is 0 in particle x.
Remove all feature in X, that is O in particle x.

Calculate the value of n; and n,

Perform "particle movement" on each position of particle
and replace it.

f, = fitness(x/)
if f,> fitness(x**) then
X]hest — Xll
if f, > fitness(x) then
X;est — Xi!
end for
Return x;

end algorithm
MPSOLS sl 9y SSaus ) S
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1. Multi Label Feature Selection Based on Particle Swarm
Optimization and Local Search
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